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The Data Value
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BigQuery
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Al Agent&(E ?
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What is an ‘Al agent’?

ANRHREY—IVZERL. BRDT=ODREETTEE
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Key components

Agent

Orchestration
(e.g. agent brain)

Model:

BEZ#RL. STEZREL. LARVRZERT 51=OIZFERSNET, Profile, goals

& instructions

Generative Al models
(An agent can
use multiple models)

Tools:

DAPIOHY—ERERUH T IET, T—HEMFLIZY . 7o avPhoU Y

DavERITLEYLES, Memory
Orchestration: Short-term Long-term

AEYEREGHRICERASN-7IO0—FEED) . Y-, Bt sht-7—42

PEBEIN=T AL EE M- TELET .,
Model based

reasoning/planning
(Question decomp

& reflection)

Tools

APls Functions

Databases Agents
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Building blocks of an agent
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Model The Brain

Tools The Hands

Orchestration The Coordinator

Memory/ Context /
History

Agent ¥

Model
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Data Engineering Agents

Agent ¥

Agents in action:
The power Of tOOIS Model @_> Tools ( B Orchestratio§
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Y—ILEZERLET Data analysis
Database

Data insights
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Data Engineering Agents

From individuals to teams: The multi-agent approach
HfRFIILEF DI -V UM N F—LZHEA . EVDRRZHB LGN OEHEL T, KELGREELTHIR

Task

'}Q Model

Ingestion agent:
Extract from source

|

'}Q Model

Transformation agent:
Transform input data to output

|

*}Q Model

Load agent:
Load outcome to target

@ — Tools

¢ — Orchestration€ — Answer

O _l

Memory / History
Context

( — Orchestration€ — Answer

(&

Memory / History
Context

¢ — Orchestrationc —> Answer
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Memory / History
Context
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Task
completed
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Data Engineering
Agent
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BigQuery Data Preparation

BigQuery Studio ADT—2 FJ/A\L—3> I—Tx ok

QSearch + X % *PatientM..ion * X - Qo8 7- ¢

T DEPLOYED  (® VIEW SCHEDULE

le

J
i+
z
H
R

= PatientMedication2 data preparation EISave ~  © RuN

Read from BigQuery table
apreparationlive.

e Gemini DXiE(ZXY = | e
SQL TF—R INATSA & H TR ' ¢

/ . e
e AUTXANEBRLL: [ .
Al £ D EHBEREICKY . T2 DR, — T -
LDV | EHEEITRIREIC
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Data Preparation / EXT—2%& L2020

® v X [orders v X

= orders data preparation

Graph >
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1
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*orders d... ion ¥ X -

BSAVE ¥+ QOzx¥Va-)L

= @ 0 a - @ [

¥59o0-K WHER & Fof~

Y —X: orders AT WHF M
AF¥F—V ‘=R (10) BARASNEATYZ (1)
purchased_date prefecture
STRING STRING <+, Gemini ICL 2 1RE
L3 .
I [ [[TTTTT Al & BHHTIEREZERLTT — 9 2 EHLET,
09/30/2024 EAR-AHET
1/10/2024 R
01/10/20 BFHMR-ZHET p—
01/10/2024 e R-KET
Converts column purchased_date from type
09/30/2024 HAR-FHED string to date with the following format(s):
2024_09_30 \WIBIR- SRR | s roovsey_am_sict
2024.10.01 || B AR COALESCE(SAFE.PARSE_DATE('%m/%d/%Y',
purchased_date),SAFE.PARSE_DATE('%Y_%m_%d',
2024_09_30 =ER-EN
purchased_date)) QO
09/30/2024 BER-IWER
20730080 it ORBERELTCESL o G [0
2024_09_30 KWE-KFE™H
2024.10_01 SRR AR Rl
2024 10 01 BHNE- 2 EER
R—IBDDITE: 50 v 1-28/28 IK < > >l

ATy 7ZEM v
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https://docs.google.com/file/d/1MGLikD_vTtjTYA6KRVMwU4Bi0OuvGcnU/preview?resourcekey=0-I23Sa9X_U5w1ctMSWvtkkA

emini in BigQuery - Al for everyone

Gemini O EEHMEEH I THIFATTREIC

SQLO—F4&RL/

Data canvas

Data preparation

Q Search
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BigQuery Pipeline
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= GQlee Cloud 8@ consumer-experience-sandb... ¥ F)\ Search Products, resources, docs (/) ] + IQ @ ﬂ : 3

@ Explorer +ADD A Qv x A& ETdailly v X S
4 Q Typeto search (2] (X‘a ELT daily © Run 4 Publish ® Schedule 4 Ask Agent H
o v project-dev * ¢ Pipeline Executions Settings <l
= b: @ Queries ! Addtask >+ 100% @ @ ¢
» B Notebooks :
&
@ my notebook :

w & Pipelines

>

& ELT daily
9 v @ Repositories

B my repository

» [E stations-data

v [ transactions

* % % % % % % %

H & H
it HE tx_labels :

Let's try ‘Ask Agent’, our Al-powered data engineering agent that automates
and simplifies the creation, operation and maintenance of pipelines.

*
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https://docs.google.com/file/d/1ki41Ya6UrVgVs38l4Db2fVEMnTRw5rYL/preview

Data Governance
Agent

T—RANFTUR 3RU%EBEL

- Proactive Governance: A 7547 A EDFREN

EETEDEF ODTIILEL VAT LNT—20 48,
TORRGEH, T—2) 32— BH. R —BHERE
BHZIRE

- Dataenrichment: T—JLOF|D A9 T—2%BE)
BICHERL., HE7E

- Semantic grounding for agents: T— T MIED
T, DR - EETELH—DIFRIR
(SoT: Source of Truth)

- Knowledge Graph-Powered Insights: Ly 55
JEFALTT 3ty A27—52 KRS —REDHE
EEERB(TVELT )L VT ILEALTHNF VR
([CRE9 D REHERM

H

@ ¥

i © 0 8 = O R o3 ol

o 3 &

Data G

Agent Rec

[ Scope.
‘ Project

(Open recommendations

357

Visible to you

T Filter Enter pr

Category

) Observability

() Observability

O Metadata

O Metadata

op

Recommendation

Anomaly Detection

Anomaly Detection

Missing Metadata

Missing Metadata

Impact

Anomaly detected in
'Sales_Quarterly_Report:
20% of entries have null
values in ‘Revenue’ column.

Anomaly detected in
'S_Qy_Report': 20% of entries.
have null values in 'Rue’
column.

Detected 15 tables missing
key metadata such as
descriptions, tags, or owners.

Detected 25 tables missing
aspects

Reasoning

Tracing upstream dependencies...

Null values originate from
'Transaction_Records', The likely
cause: incomplete ingestion from
'Payment_Gateway_Logs'.

Tracing upstream dependencies...

Null values originate from
'Transaction_Records', The likely
cause: incomplete ingestion from
'Payment_Gateway_Logs'.

4 Identifying Vrequkntly queried
tables missing metadata...
£ Using lineage data, finding
related tables with similar
structure and metadata.

- Identifying frequently queried
tables missing metadata...

£ Using lineage data, finding
related tables with similar
structure and metadata.

New recommendations
84n the last month

Resource

ncaa, basketball2

ncaa basketball2

customer

customer

Org,folder, or project

S dataplexdemosk  dataplex-demo:sk

2 dataplex-demo:sk

dataplex-demo-sk

2 dataplex-demo:sk

dataplex-demo-sk

S0 dataplex-demo-sk dataplex-demo-sk

Google Cloud 027
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Automated metadata curation

o HBBAIT—4 Fal—ald. BREAR
XA PDRINA, TS—AFAELHLT
EHART —AERICREET HEEITH AL
T, BICTF— Sty QBB LR S
FI2oh T, S5L-BEABEELET

e BigQuery T—32 /oY Ak RExv I, T— : S ——
TLENDBHR, TLTITDHESRE
BEERLFET e a—

o I1—H—[IWMEIZELCTinAZHER. RE
L. AX—TATELEMAT(CaE—TEET
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T—ANEREER L

BigQuery 0 Data Quality ##8E .
BigQuery T—J JLEEA—DT—2DEEEELRLT
BEMICRETHEH T 2EEREOYR—2RiE

BERNRYZRY ROt AR ASATREIZ

BEEEZETEL. IXRMDOIMNEIIR FETA.
AVTSATUREBRNES R RIZEE T BRI LE
Al D HZEREMD

SETHERZE7ILIVALEEFRALT,
RRXRDIL—IR—RDI AT LTIEREEINDS
AIREE D HLH/\Z—U PEEZBEIMICHRHE

Google Cloud [ Data anomaly details

@ ¢ customerdqg  © Configuration
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*.
EI—I*?“J
File Edit View Insert Runtime Tools Hel

Data Science
Agent 5 1 P ————

T—RAYAIVRADEAAY%BEIE
95 1st Party T—2 b

LTOERZERE :

> F=E SV TR IL—LOHE
BWYRAHED ) —=2Y

> T—E3RE  RMT1TORELLBEHIF
RO

= AllZKk%F A : Google Research M
TimesFM B E DR EIHDETILEZL Al
ZERAL-FA

2 ETIVEHME : FELEEEFRRIELYFE
CEfRT 5= DET L

Callout Agent session

0 scratchpad © R it e

Google Cloud




Conversational
Analytics Agent

Untitled

T—ENMERVEEBILT S

1st Party T—> 2k
LToO%EZEHE :

> SWOREL : BARSEA—RADIUHA
~

> Custom data agents: iE7 & A% AJRE
2T BVA VI RI—bEmAT-RE: AP

=> Direct connect to BigQuery: BigQuery
TT—3ZEHIEERT HH . Looker D+~<
TV LAY —LHAEDED

> Python @ Code interpreter:
BHLET 2 HAIOR ZRIAD
Python O—RFZ& 4k

Ask a question about your data.

(Ask a question

Google Cloud



FS54R—F FLE2— @

Conversational Analytics API
IA—T 54 XtEW T Data Agent #H R4 A X & 7704

A

< Talk to data

“What if Las Vegas customers
purchase 20% more this week?
What will be the impact on our
supply chain and sales
forecast?

Date
Sounds like a good plan, let’s
get into it! First let’s see what 115/25
current combined numbers are
forx, yandz... 114125
113125
112125
1M/25
110/25

1/9/25

@ BigQuery

nnnnnnnnnnnnnnnn

Supply
124
124
135

69
45
122
100

Looker Model

------

Sales

5.2M
39M
39M
3.3M
31M
2.2M

1.6M

O00O

RS L T—Vx o bEREICESR
DAY RE— e AT
R85 AP TREGEAEEHR

SHTEBICEELT= API
ESRRAATIOIVA, T—4EH,
SEFIZFa—=TSn-Al H—E X

BigQuery ~NEL i AT e

BigQuery TT—A3ZEIEIZFRT HhH\.
Looker DR T4vI LAYV LA EHLED

BAATTRRTRT—5T G
TV LAY —
BEORLEEELGIILFT—TILAH

Google Cloud a>Y—JLIZALTIC
Slack HEFERMELMANT- IF hSDT—E25HASATRE



Google Chat - Locker Data Barlsta - Chat

u Chat Q_ Search in chat ® Active v ® @& 4 i

¢ 2, Looker Data Barista v

Chat Home About

Diwts Deaghes Smonenn 20e Mochy

eery L soner Blast

Now
Whats the average sales for first time visitors
Looker Data Barista App Now
Locker

Average sales for first time visitors is 4.30 USD. This only includes registered customers!

Now
what questions can you help me with?

Looker Data Barista App Now

‘@w This datasource contains information about the state of our Looker Coffee business. Here are

some example questions you could ask:

« How many total orders did we serve?
+ What is our customers favorite product?
+ How are our locations in Berlin performing?

You can also share images with me along with a question.

@ History is on A@H a o


https://docs.google.com/file/d/1mrX4X310x3j5uL6GeVBEie4JK88a-cF_/preview

BigQuery Knowledge Engine

BigQuery Knowledge Engine (&,
Knowledge Graph @ h%;EHLT.
SEGT AU T —2EEE
EHLFET,

ZHET — YR EART—E%HET
BZET, A——FT7—TILE RN
-BARMEEZREL. T—JIILMEITVE
AL, FURWS AU YA EBBT
EMNTEET

aOoB e

eeeeeeeeeeeee

JJJJJ
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MCP H#—/t3H Agent

@ #HRY—IL Agent

Y —IILEEMLIRE Agent ZE LV MCP 282 B L T BigQuery DT —42E/E+ AT HE

X AT HRRBICTEENL DT LY

MCP

BigQuery
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MCP H—/\&BH#l Agent
@,

<>

ADK

@ HAY—IL

Y

Agent

MCP Toolbox

Discover, build and deploy agents

Agent Development Kit

Client side SDK to define multi-agent applications for complex, real world scenarios

Agents Tool Orchestration Callbacks
Bidirectional Session .
Streaming Management Evaluation Deployment
Artifact Code .
Management MEmery Execution ganing
Debugging
Trace
Models

MCP

BigQuery

Agents for
Applications

Orchestr:
Framework

Agents for Developer
Assistance

\

DAY
MySQL ]
MySQL Postgres v\(‘) Lt -
A A A
% : 2 AlloyDB
g + AlloyDB O
G
1
BigQuery
+ —_—
>
"""""" Bigtabl
MCP Toolbox (o)
for Databases =
: N =
Cloud SQL
S
v v L B
4 Spanner
:neodj
Couchbase WUSS:W"1

'éoogle Cloud 037
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Data sources

stream
events

Google Cloud

Streaming
Pub/Sub

@ RDB

J@ Batch

CcDC

Datastream

Bronze

Q BigQuery

@Q s

Silver

Dataflow

I I Cloud
I~ I Sstorage

Notebook

Q BigQuery

Q sQL

Gold

Q BigQuery

I

Data

Storage
Transfer
Service

raws—%4

LUy,
HREE.
HLUHEELL

Notebook

Q BQML
BigQuery

ECRRIZ
LT &5t
ETILER

Visualize &
Consume

(.0

O
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AEN)FY P—xFTHF ¥ with Data Agents

Data sources

Google Cloud

|| o :e Streaming
stream “" Pub/Sub
events
°\., ¢bC
o=N@
o/  Datastream
Tws |
a4 ; Dataflow
@Batch -
> Storage
o ' Transfer
Service
y |3Fﬁf& i
A\ Data

Al/ ML

il Vertex

Conversational
Analytics
Agent

Data Data
Engineering Engineering
Bronze Agent Agent Gold
Data Ll Silver Data | X
Q BigQuery Preparation L Preparation Q BigQuery
Q BigQuery
BQML
L) Sloud Data Data Q BigQuery
I~ I Sstorage
Science . Science
Agent gLy, Agent
— REE.
raws —% Sre *S AR
BEUHEE £ o=iale
Notebook | > Notebook | e L=&E
ETILER

Visualize &
Consume

(.0

(«)

O Looker

Data Governance Agent
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PUb/Sub BigQuery Da.ta
Transfer Service
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o/
Storage Transfer
Datastream Service
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NLTS514>
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Dataflow Dataproc

d
- N

Cloud Data Fusion

T F—8 HTTAYZR

T—H3 ITFINDOR

el
=l

Cloud
Storage

BigQuery
analysis engine

BigQuery
storage

[\
kv

Dataplex(7—#4/3F>X)

hl

Cloud Composer
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TGS

Vertex Al Sheets

& Looker

O Looker Studio
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