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Okay, so | need to figure out seating for a family dinner with 8 people. Let's list out the requirements first to make sure | don't miss anything.

What |S NVI D IA? F|rst the family has 8 members. Let me conflrm who they are. The user mentions: in-laws (which | assume are the wife's parents), parents (user's own parents), sister, little brother, wife, and the

says tgeﬁ\(lsto QEFW hlnﬁg? e user, ttl?stgg;t gvjn(‘ees %géfrnggfmiy Qelflnaavmvlfe par@rﬁc‘s:@m?:r;aa;rtd ;r C?si’é'j qm ik@e ny; LIZ%@ 2:_ usgesr
ﬁﬁﬁ%sgéffeémﬁg‘eW?tﬁtﬁﬂy parents. My sister needs to sit next my little brother to help him

Now, the conStraints:

eat. My wife really doesn't want to sit next to my mom. Where should each person be
éeﬁf@dd} to sit next to little brother to help him eat. So sister and little brother must be adjacent.

3. Wife doesn.'t want to sit next to user's mom. So wife and user's mom should not be adjacent.

Additional considerations: Typically, seating arrangements at a rectangular table have two ends and sides. But sometimes it's a round table. The problem doesn't specify, so maybe | should

ends have only one neighbor, but the problem might be easier with a round table. Let me proceed W|th a round table unless specified otherwise.

So, the goal is to seat 8 people around a round table with the given constraints.

First, list all the peoplg
1. User (let's call hi
7. Sister (S) Little Br]
Constraints:
e« WM and WD (in-1d
* S must sit next to
* W should not sit

Let me start by placing
Let's place them in tw

Now, the next strict cq
Also, W doesn't want 1

Another thing to cons
and WD would sit togg
with constraints. Let's

But let's proceed step
First, place Sand LB n
Now, we need to place
We need to keep WM
Let me try to place thq

Alternatively, since in-
separate groups with ¢

Let me try to create t
But also, W shouldn't |
Let me attempt a poss®
Starting with S at 1, LB at 2. Then moving clockwise, let's try to place U and W in positions that can help separate the conflicting groups.

Let's try:

1:52:LB3:74:75:76:?77:?78:7

We need to fill positions 3-8 with U, W, UM, UD, WM, WD.

Let me consider placing the user (U) next to LB (position 2) to have a family member next to the little brother. So position 3: U. Then position 8 (next to S) could be someone else.
But then U at 3 would be next to LB at 2 and position 4. Let's see.

Alternatively, maybe place U and W opposite S and LB. Let's see, in an 8-seat round table, opposite of S (position 1) would be position 5. So position 5 could be U or W. Let's try placing U at 5 and
W at 6, but need to check constraints.

Wait, maybe a better approach is to divide the table into sections. Let's say S and LB are at 1 and 2. Then, to separate the in-laws from parents, we can place the parents (UM and UD) on one side @ nVIDIA
and in-laws (WM and WD) on the other side, with U and W in between.
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253 output tokens per second per user on eight Blackwell GPUs
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h Size = 1 for all results.
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Build with this NIM

Integrate NIM into your application

Use a hosted API or self-host on your own infrastructure

Hosted API Self-Hosted API

Step 1 of 2

Generate your API| Key
Create a new API key if you don't already have one. You will need this in the next step.

‘ nvapi-wl24r_N7NjCPp28MKAeb6(QNelL4SkepxpPiuXw7dQSy0c?EHoHT2q9GUKXqwbGz1xh ||

\ %

Step 2 of 2

Make an API call
Pick your favorite language, copy the code and authenticate with your API key - one API call consumes one credit.
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