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Shopee - Price Match Guarantee
Determine if two products are the same by their images
Featured - Code Competition - 5 months ago

Tweet Sentiment Extraction
Extract support phrases for sentiment labels
Featured - Code Competition - a year ago

TalkingData AdTracking Fraud Detection Challenge
Can you detect fraudulent click traffic for mobile app ads?
Featured - 3 years ago

Instacart Market Basket Analysis
Which products will an Instacart consumer purchase again?
Featured - 4 years ago
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Kaggle TO Bnguery D&, 4l (TalkingData)

$25,000

Prize Money

T TalkingData - 3,943 teams - 3 years ago

Overview Data Code Discussion Leaderboard Rules Team My Submissions

o web DA MSEEDARIELY)YHERDITHOIR
o MALIET—2MLI—K% 184,903,890 14 (1.8 {&E14)

Data fields

Each row of the training data contains a click record, with the following features.

e ip:ip address of click.

e app :app id for marketing.

e device : device type id of user mobile phone (e.g., iphone 6 plus, iphone 7, huawei mate 7, etc.)

e 0s:0s version id of user mobile phone

e channel : channel id of mobile ad publisher

e click_time : timestamp of click (UTC)

e attributed_time : if user download the app for after clicking an ad, this is the time of the app download

e is_attributed: the target thatis to be predicted, indicating the app was downloaded



| (TalkingData)

Kaggle T® BigQuery D&

AE1) 16 GBM Notebook TR IR T 5TEAHLY

notebookb8cf852940 Dpraft saved

File Edit View Run Add-ons Help

@ -+ @ g( |D m D> PP RunAll Code ~ Draft Session (4m)

Q Your notebook tried to allocate more memory than is available. It has restarted.

i

<> | l > df = pd.read_csv('/kaggle/input/talkingdata-adtracking-fraud-detection/train.csv')

BIIETE T HEHDDD, SHEHTHTIZITERLLY
notebookb8cf852940 orait saved 2, Share KK

File Edit View Run Add-ons Help
Draft

+ W X @ [:] > B> RunAll Code ~ seegion (16M) 5

> . d
%%time Draft Session
dtypes = { No Acceleratol
‘ip' ¢ 'uint32',
"app’ : 'uint16', Session Disk
‘device’ ¢ 'uint16’, 16m 3.2c8
‘os' : 'uint16’', 9 hours Max 73.1GE
‘channel’ : 'uint16’
'is_attributed' : 'uint8'
) CPU
train = pd.read_csv('/kaggle/input/talkingd e " B
0.00%  9cs
Max 16GB

1
CPU times: user 1min 59s, sys: 13.1 s, total: 2m
Wall time: 2min 43s

+ Code + Markdown
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FD 11 LLDfEE with BigQuery

11th place features
‘ Posted in talkingdata-adtracking-fraud-detection 3 years ago

Add Tags
tkm2261
11th place https://www.kaggle.com/c/talkingdata-adtracking-fraud-detection/discussion/56250

e BigQuery L TOMIEILKI 20 73!
o Python TRASEESEFHULEMANSIZIET,
o ERRIZZOALYFTI1IAN1BTHETSE -,

— -~
o wHohnit-
@ Izmaylov Konstantin « (213th in this Competition) e
!

great solution! most suitable for production

97


https://www.kaggle.com/c/talkingdata-adtracking-fraud-detection/discussion/56250

SEhL BigQuery [E Kaggle TAKARLZDTE5S
Kaggle T BigQuery EETHE. - -

& BigQuery

Q_  View all results for "BigQuery"

Q,  bigquery

Comments View all 2,119

. Reply to BigQuery is our friend! 1y - Riid Answer Correctness Prediction {_*A

. Reply to Importing data to BigQuery 3y - Home Credit Default Risk : *A

Topics View all 537

. BigQuery is our friend! Riid Answer Correctness Prediction ‘—ﬂ

. Importing data to BigQuery Home Credit Default Risk : *A

Notebooks View all 7147
' My 15th solution features (mainly using BigQuery) 4y < 3mtorun « Python « A 28 *A

. Fork of BigQuery SQL reproducing Paulo Pinto's LB: & Private « 4y « 1htorun « Python « A 0 4 *A
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o T Group By L7= RFM (Recency Frequency Monetary)
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ZTDI=HFEARELSD SQL IE

1 SELECT
. 2 1.5
1 SELECT XHEREFImt_userE L TIRE
2 user_id, 3 u.avg_user_amount,
3 COUNT(1) as cnt_user, 4 u.min_user_amount,
4 AVG(amount) as avg_user_amount, 5 u.max _user amount
5 MIN(amount) as min_user_amount, 6 'td_ - t'
6 MAX(amount) as max_user_amount, HirP0 -~ USEr LG
7 STDDEV(amount) as std_user_amount, / FROM
8  FROM 8 test_transaction as t
9 | train_transaction 9 LEFT OUTER JOIN
[ cROUP BY , 10 dmt_user as u
11 user_id
11 GROUP BY
12 t.user_id = u.user_id
Group by TEHL T,

LEFT OUTER JOIN TL>2I7%
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BigQuery Tl 4 #7 B %% (Analytic function) &> TULY3
PITEEEDIEX

analytic_function_name ( [ argument_list ] ) OVER over_clause

over_clause:
{ named_window | ( [ window_specification ] ) }

window_specification:
[ named_window ]
[ PARTITION BY partition_expression [, ...
[ ORDER BY expression [ { ASC | DESC } ]
[ window_frame_clause ]

I
e

window_frame_clause:
{ rows_range } { frame_start | frame_between }

rows_range:
{ ROWS | RANGE }

https://cloud.google.com/bigquery/docs/reference/standard-sql/analytic-function-concepts



https://cloud.google.com/bigquery/docs/reference/standard-sql/analytic-function-concepts

ZARICEHTIIKITERE 10 BOI—DOFHEELE I DIGE

SEELECT
| AVG(amount) OVER(partition by user_id order by timestamp ROWS BETWEEN 10 PRECEDING AND 1 PRECEDING)

FHEEEEE 1—HTLIC timestamp TiBZX 10 BIZDNVTKR O S,




LLAIEINGBEETENRICLIZWMG S

AVG(amount) OVER(partition by user_id order by timestamp ROWS BETWEEN |UNBOUNDED |PRECEDING AND 1 PRECEDING)

HLESEEFRIZLIZLNE S &

AVG(amount) OVER(partition by user_id order by timestamp ROWS BETWEEN 10 PRECEDING AND |CURRENT ROWb

Sh(Z, HLBE 30 BOFEHZEETEL-LMES

AVG(amount) OVER(partition by user_id order by timestamp

RANGE BETWEEN 3600 * 24 * 30 PRECEDING AND 1 PRECEDIN(Q)




% Pandas TRASETHENGYKE

def agg_func(df):
df[ 'avg_user_amount_visit_10'] = df.sort_values('timestamp')['amount'].rolling(window=10) .mean()
return df

df.groupby('user_id') .apply(agg_func)

o UserCT&0 DF M TUIEERE L DOLH0D THEE
o ETSHTips [TIBRAHLMNAIFEMEZIELLIAD
o THIEWEDEEE-{LZLIDT BigQuery ZLLES
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Kaggle T® BigQuery D& FAEHI (TalkingData)

$25,000

Prize Money

‘T TalkingData - 3,943 teams - 3 years ago

Overview Data Code Discussion Leaderboard Rules Team My Submissions

o CDAVNTIIHMAMIZHFEERLTEHIT DAL=
o EDIZSELI-DIZHETH=DIL BigQuery ®EHEMIF
o #EBRUVT=9 5 Window Fﬁlyﬂ"&a"xﬂl’éa"zfu'mi(of:




Kaggle T® BigQuery 0;EFAEH (Riild)

Featured Code Competition

Riiid Answer Correctness Prediction $100,000
Track knowledge states of 1M+ students in the wild Prize Money

E Riiid AIEd Challenge - 3,395 teams - 9 months ago

Overview Data Code Discussion Leaderboard Rules Team My Submissions

BigQuery is our friend!
‘ riiid-test-answer-prediction ¢ :

Add Tags

o HLoiLa—FM1EHHLIDT, B¥EL-GBDT AD %I BigQuery TYERL
e ZM Transformer MR\ R([ZIEHT=D TE D LBigQuery THEfE CRR—)



NRENVAMDXFIZEDIEAHES

SELECT
user_id,
"[" || STRING_AGG(CAST(timestamp as STRING), ',' ORDER BY t.timestamp) || ']' timestamp,
"[" || STRING_AGG(CAST(content_id as STRING), ',"' ORDER BY t.timestamp) || ']' content_id,
"[" ]| STRING_AGG(answered_correctly, ',' ORDER BY t.timestamp) || ']' answered_correctly,
"[" || STRING_AGG(user_answer, ',' ORDER BY t.timestamp) || ']' user_answer,

FROM
"train® as t

GROUP BY
user_id

Transformer [CANAD(Z1—HFEOLI—FKRIZLEM>oT=
STRING_AGG THiRF-DEILIRYY THS
IZIChyaZE DTSR

CATIEDTH 1{EH S E Python FZEEELY

Python Tixd> &= 14 eval() [EEBLVD T json.loads() Z{FESE R LY



Kaggle T®M BigQuery D ;EHAZEHI (Ventilator Pressure Prediction)
o IRITOUREFELE Notebook [TH &S5E BULMEIMBHHT-D THEAN

@ Research Prediction Competition

Google Brain - Ventilator Pressure Prediction . ‘ $7,500

Simulate a ventilator connected to a sédated patient's lung #» ’ Epo Momey

Google Brain - 1,439 teams - a month to go (21 days to go until merger deadline)

Overview Data Code Discussion Leaderboard Rules Team My Submissions Submit Predictions

Sample 1 - R=20, C=50

o IMREDAIERIZDENE
R DR ST A

00 05 10 15 20 25
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COPIED FROM TOLGA DINCER +42,-9 - 10D AGO - 6,188 VIEWS ‘ 156 Edit My Copy = 542 O

Improvement base on Tensor Bidirect LSTM (0.173)

Python - Google Brain - Ventilator Pressure Prediction

https://www.kaggle.com/kensit/improvement-base-on-tensor-bidirect-Istm-0-173

%%time

def add_features(df):

df[
df[
df(
df[

df[
df[’
df[’
df["

'area']
‘area']
'‘cross']
‘cross2']= df['time_step'] * df['u_out']

df['time_step'] * df['u_in']
df.groupby('breath_id')['area'].cumsum()
df['u_in’] % df['u_out']

‘u_in_cumsum'] = (df['u_in']).groupby(df[ 'breath_id']).cumsum()

one'] =1
count'] = (df['one']).groupby(df['breath_id']).cumsum()
u_in_cummean'] =df['u_in_cumsum'] /df['count’]

df[
df[
df[
df[
df[
df[
df[
df[

df[

'breath_id_lag'] = df['breath_id'].shift(1).fillna(@)

'breath_id_lag2'] = df['breath_id'].shift(2).fillna(®@)

'breath_id_lagsame'] = np.select([df['breath_id_lag']==df['breath_id']],[1],0)
'breath_id_lag2same'] = np.select([df['breath_id_lag2']==df['breath_id']],[1],0)
'u_in_lag1']
'u_in_lag1']
'u_in_lag2']
'u_in_lag2']
df [’
'u_out_lag2']

df['u_in'].shift(1).fillna(®)
df['u_in_lag1'] * df['breath_id_lagsame']
df['u_in'].shift(2).fillna(@)
df['u_in_lag2'] % df['breath_id_lag2same’]
df['u_out'].shift(2).fillna(@)
df['u_out_lag2'] * df['breath_id_lag2same']

u_out_lag2']

df[
df[
df[

1
o
'RC'] = df['R"]+df['C’]

df['R'].astype(str)
df['C'].astype(str)

#df = pd.get_dummies(df)
return df

train = add_features(train_ori)

CPU times:
wall time:

user 16.8 s, sys: 1.46 s, total: 18.2 s
17.9 s

CCTIHERFEOREEEASHET
LWV EZEEOTULND,

IRZEQUNETIE 1ETIDE 2 EFID
‘uin’ &’'u_out’ ERHTLVS,

f=1= breath id MiE B DI TIEH
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T=1= Pandas X ZHX0->TRIMIL
EEEIZENIVNVEELGEN


https://www.kaggle.com/kensit/improvement-base-on-tensor-bidirect-lstm-0-173
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Improvement base on Tensor Bidirect LSTM (0.173)

Python - Google Brain - Ventilator Pressure Prediction  https://www.kaggle.com/kensit/improvement-base-on-tensor-bidirect-Istm-0-173

o HLLbHMYAFuser id BD group by TEREFTHEMEGEL
o 17.9 A 11 HIZELL, 36 FELS
o Pandas [FZH3L\0=BINELH LD TIENLE

%%time

def map_breath(_df):
df = _df.copy()
df['area'] = df['time_step'] * df['u_in']
df['area'] = df['area'].cumsum()
df['cross']= df['u_in'] * df['u_out']

df['cross2']= df['time_step'] * df['u_out'] @ TEMR201 "IN A0 Bi02 0 VIR ‘ e @

df['u_in_cumsum'] = df['u_in'].cumsum()
df['count’] = np.arange(df.shape[8]) + 1

df['u_in_cummean'] = df['u_in_cumsum'] / df['count'] FAST pANDAS LEFT JOIN (357x faster than
A e e pd.merge)

for
df[f'u_in_lag{i}'] = df['u_in'].shift(i).fillna(®@)
df[f'u_out_lag{i}'] = df['u_out'].shift(i).fillna(®)
df['R'] = df['R'].astype(str)
df['C'] = df['C'].astype(str)
df['RC'] = df['R'] + df['C']
return df

train = train_ori.groupby('breath_id').apply(map_breath).reset_index(drop=True)

CPU times: user 1@min 52s, sys: 8.74 s, total: 1lmin 1s
Wall time: 11min 1s


https://www.kaggle.com/kensit/improvement-base-on-tensor-bidirect-lstm-0-173
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Kaggle Notebook M5 THEMEITIH K S M

@ JESSICA LI - 1Y AGO - 9,925 VIEWS - 38 Copy & Edit 96 @

Tutorial: How to use BigQuery in Kaggle Kernels

Python - No data sources

https://www.kagale.com/jessicali9530/tutorial-how-to-use-bigquery-in-kagale-kernels

BEHL{Kaggler [(FETILDEFIFRFFEBRSDT
E# Google Cloud Mhiofild A EEfEiLET .

SR FERINT- Vertex Al Workbench EMNTFHFOTYUTIZ0BFEZEHYFS,


https://www.kaggle.com/jessicali9530/tutorial-how-to-use-bigquery-in-kaggle-kernels
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Google Cloud Platform  $e My First Project v

& Bucket details C REFRESH @ LEARN

takami-kaggle-12

Location Storage class  Public access
us-centrall (lowa) Standard

Protection
A Subjectto object ACLs  None

OBJECTS CONFIGURATION PERMISSIONS PROTECTION LIFECYCLE

Buckets » takami-kaggle-12 > vent I

UPLOAD FILES UPLOAD FOLDER CREATE FOLDER MANAGE HOLDS DOWNLOAD DELETE

Filter by name prefix only v = Filter Filter objects and folders 1 show deleted data m

O Name Size

Type Created @ Storage class La:
O B taincsy 419.7 MB

application/octet-stream Oct 6, 202... Standard oc¥ ¢



BigQuery D EIE TT—42tvbE{ERK

= Google Cloud Platform e My First Project v

@

(@ FEATURES & INFO & SHORTCUT
Explorer + ADD DATA
Q Type to search (2]

Viewing pinned projects.

o® decoded-tesla-276603

& DISABLE EDITOR TABS
@ EDITOR X
© RUN () SAVE ~

T

Open

Create dataset

Create dataset

Dataset ID *

[ vent

Letters, numbers, and underscores allowed

Data location
Default

Default table expiration

[C] Enable table expiration @

Default maximum table age

Encryption

(® Google-managed encryption key
No configuration required

(O Customer-managed encryption key (CMEK)
Manage via Google Cloud Key Management Service

CREATE DATASET CANCEL

AT aviETI4ILET OK



Eo =T —32 YT —TJ ILEERK

Google Cloud Platform  $e My First Project v Q  Search products and resources
@ @ FEATURES & INFO &3 SHORTCUT & DISABLE EDITOR TABS
: Explorer + ADD DATA El vent ~ X
Q decoded-tesla-276603:vent CREATE TABLE
- Q_ Type to search (2]
-

Description
®© Viewing pinned projects.
None

v 8@ decoded-tesla-276603

C N [ vent :

Dataset info

Open lataset ID decoded-tesla-276603:vent
‘reated Oct 6, 2021, 9:05:29 PM
lefault table expiration Never

Delete



GCS Mo T—T IILEAVR—bk

Create table

Source

Create table from: Select file from GCS bucket: File format:
Google Cloud Storage ~ takami-kaggle-12/vent/train.csv Browse csv v

Source Data Partitioning

Destination

@ Search for a project Enter a project name

Project name Dataset name Table type

My First Project v vent v Native table v

Table name

train

Schema

Auto detect
v/ Schema and input parameters

@0 Schema will be automatically generated.

Schema Auto Detection THFIZRHEEL TANTINET,

Kaggle DENLVET—ETERET HIEFIFIF R

DA TLIVIEBRBET —2ELIGD T Kaggle TIEfRSLE<T OK
HIIEBHTRZELETA2ADAF—IELSTT 1HE>TEOTRVLWERTY,



T D Job history BM&IZIE>THIETET

Google Cloud Platform % My First Project v Q_  Search products and resources
@ ® FEATURES & INFO SHORTCUT & DISABLE EDITOR TABS
BE train
Explorer + ADD DATA E vent -~ X
a decoded-tesla-276603:vent
SCHEMA DETAILS PREVIEW
o Q Type to search (2]
Description
o© Viewing pinned projects. Nt
Table info
) 8@ decoded-tesla-276603 :
a Datasetinfo
Dataset 1D decodedtesla-276603 vent Table ID decoded-tesla-276603:vent.train
Created 0Oct 6, 2021, 9:05:29 PM
o Default table expiration Never Table size 368.41 MB
i Last modified 0Oct 6, 2021, 9:05:29 PM 7
Py PO e B Long-term storage size 0B
) Number of rows 6,036,000
Created Oct 6, 2021, 9:17:19 PM UTC-7
JOB HISTORY QUERY HISTORY SAVED QUERIES
Solilistory P, Last modified Oct 6, 2021, 9:17:19 PM UTC-7
Personal history Project history Table expiration NEVER
— Data location us
Description

Today

9:16 PM @ Load gs://takami-kaggle-12/vent/train.csv to decoded-tesla-276603:vent train




FIEDNIHEZ BigQuery (SQL) TELKE(LAG THEAEL = null LLsY) .

%%time
def add_features(df):
df['area'] = df['time_step'] * df['u_in’
df['area'] = df.groupby('breath_id')['area'].cumsum()
df['cross']= df['u_in'] * df['u_out'] m @) sAvE ~ (® SCHEDULE ~ £ MORE ~ @ This query will proces

df['cross2']= df['time_step'] * df['u_out']

1 SELECT
df['u_in_cumsum'] = (df['u_in']).groupby(df[ 'breath_id']).cumsum() 2 *
drl jone i1 3 SUM(time_step * u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS area

df['count'] = (df['one']).groupby(df['breath_id']).cumsum()

df['u_in_cummean'] =df['u_in_cumsum'] /df['count'] u_in * u_out AS crossi,

4
5 time_step * u_out AS cross2,
df['breath_id_lag'] = df['breath_id'].shift(1).fillna(8) 6 ROW_NUMBER() OVER(partition by breath_id order by time_step) AS count1,
df['breath_id_lag2'] = df['breath_id'].shift(2).fillna(@) 7
df['breath_id_lagsame'] = np.select([df['breath_id_lag']==df['breath_id']],[1],0) 8
df['breath_id_lag2same'] = np.select([df['breath_id_lag2']==df[ 'breath_id']],[1],0)

SUM(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS u_in_cumsum
AVG(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS u_in_cummean

9 LAG(u_in, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag1,
“:[:”-?“-1691:] = d;[:“-?"'1‘5".1“(”:?11“(") " : 19 LAG(u_in, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag2,
:Jﬁj:h:ﬁ” - :f{.E:;:ngliltzz‘;}).;;z::z;m’ ) 1 LAG(u_out, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lagl,
df['u_in_lag2'] = df['u_in_lag2'] * df[ 'breath_id_lag2same’] 12 LAG(u_out, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lag2,
df['u_out_lag2'] = df['u_out'].shift(2).fillna(@) 13 CAST(R as string) || CAST(C as string) AS RC
df['u_out_lag2'] = df['u_out_lag2'] * df['breath_id_lag2same'] 14 FROM

15 ‘decoded-tesla-276603.vent.train
df['R'] = df['R'].astype(str) 16 ORDER BY
dRLICRINNIArIE0; | a=typelate) 17 breath_id, time_step

df['RC'] = df['R']+df['C"']
#df = pd.get_dummies(df)
return df

train = add_features(train_ori)

CPU times: user 16.8 s, sys: 1.46 s, total: 18.2 s
Wall time: 17.9 s

BEAMNICXETHETHFHA LT
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O RUN () sAVE ~ (® SCHEDULE ~ £ MORE ~ & This query will proces
1 SELECT

2 *.

3 SUM(time_step * u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS area,
4 u_in * u_out AS cross1,

5 time_step * u_out AS cross2,

6 ROW_NUMBER() OVER(partition by breath_id order by time_step) AS countl,

7 SUM(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS u_in_cumsum,

8 AVG(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS u_in_cummean,

9 LAG(u_in, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag1,
10 LAG(u_in, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag2,
11 LAG(u_out, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lagl,
12 LAG(u_out, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lag2,
13 CAST(R as string) || CAST(C as string) AS RC
14 FROM
15 "decoded-tesla-276603.vent.train’
16 ORDER BY
17 breath_id, time_step



ZDFERERELZLIVD T Query Settings ZBA<

O RUN () sAVE ~ (® SCHEDULE ~ £ MORE ~

1 SELECT

5 % Format Query

3 SUM(time_step * u_in) OVER(partitior Query Settings time_step ROWS BETWE
4 u_in * u_out AS crossi1,

5 time_step * u_out AS cross2, Show translation

6 ROW_NUMBER() OVER(partition by breat ) AS count1,

7 SUM(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED
8 AVG(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED
9 LAG(u_in, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag1,
18 LAG(u_in, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag2,
11 LAG(u_out, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lagl,
12 LAG(u_out, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lag2,
13 CAST(R as string) || CAST(C as string) AS RC
14 FROM
15 ‘decoded-tesla-276663.vent.train’
16 ORDER BY
17 breath_id, time_step

o EFTIRELTRE
o MDATLIvIEITIAILFTOK

Query settings

Destination

Save query results in a temporary table

@ Set a destination table for query results

Project name

My First Project

Table name

train2

Destination table write preference

® Write if empty
Append to table
Overwrite table

-

Dataset name

vent

Results size

Allow large results (no size limit)

Resource management

Job priority
@ |Interactive

Batch

Sessions management

Use session mode

Additional settings

SQL dialect
@ Standard
Legacy

SAVE

CLOSE

Cache preference

hed results

Processing location
United States (US)




@ *UNSAVE.. ~ X Eco

RUN @) sAvE ~ (® SCHEDULE ~ £ MORE ~ @ This query will proce:
SELECT
*

SUM(time_step * u_in) OVER(partition by breath_id order by time_step RONS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS area,
u_in * u_out AS crossi,

time_step * u_out AS cross2,

ROW_NUMBER() OVER(partition by breath_id order by time_step) AS count1,

SUM(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS u_in_cumsum,
AVG(u_in) OVER(partition by breath_id order by time_step ROWS BETWEEN UNBOUNDED PRECEDING AND CURRENT ROW) AS u_in_cummean,

9 LAG(u_in, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag1l,
18 LAG(u_in, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_in_lag2,
1 LAG(u_out, 1) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lagi,
12 LAG(u_out, 2) OVER (PARTITION BY breath_id ORDER BY time_step) AS u_out_lag2,
13 CAST(R as string) || CAST(C as string) AS RC
14 FROM
15 decoded-tesla-276603.vent.train
16 ORDER BY
17 breath_id, time_step
Processing location: US Destination table: decoded-tesla-276603:vent.train2 Write if empty No cached results
Query results & SAVE RESULTS i EXPLORE DATA ¥

Query complete (17.4 sec elapsed, 368.4 MB processed)

Job Information ESUNS. Xecution detans

Row id breath.id R C time_step uin u_out pressure area cross1 cross2
1 1 1 20 50 0.0 0.08333400563464438 0 5.837491705069121 0.0 0.0

2 2 1 20 50 0.033652305603027344  18.383041472634716 0 5.9077938505203464  0.6186317295502293 0.0

EITHRIE 174 B ETD 179 IZHARTIRIZREE

o NHPELEERNIETERDE. AIFHEHEEELY,
INEWT—REDTEIZIZIXAZLAD, BigQuery [FAEVIZESGEWLNT—2E
SRIZMETELDTEAREALTHTEELY,



tH H#ERZEFTIZ DL

= Google Cloud Platform &* My First Project ¥ Q  Search products and resources

@ (@ FEATURES & INFO B SHORTCUT & DISABLE EDITOR TABS

Explorer + ADD DATA B vent v X B tranz ~ X
Q B train2
- K Typstosanch 0 SCHEMA DETAILS PREVIEW
o© Viewing pinned projects.
Table schema
v 8@ decoded-tesla-276603 X
= Filter Enter property name or value
L § v [E vent
B train s Field name Type Mode Policy Tags 9
.
B tain2 id INTEGER NULLABLE
N breath_id INTEGER NULLABLE
R INTFRFR NI ARIF

o T—JI)ILEEATGCSIZHL

COMPOSE NEW QUERY

Q QUERY +2 SHARE O copy @ DELETE i EXPORT

Explore with Data Studio

Export to GCS

Scan with DLP

Description

o TIOMBLIT-EER DL TESMN GCS [TEWNWTHEW =T HEE
o Kaggle f2&X{K CUI @ Linux Y32 T gsutil A<¥>FTDL
o —EMDRNIXbgavREgsutiav U FTEHEIMEETES
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e Kaggle [T —A2N T D& & F vy F 7 V7T
o EFTLLEHMNS BigQuery IZ Kaggle TIEMNELD !

e BigQuery [LEEZDHRIZIEL &
H#%?'JLF%“ Window B TEZ=HF()

e Kaggle T BigQuery 5 A ARLLY,




Thank you!
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